
TL;DR (JD) 

The white paper is basically “Legg’s interview, but formalized into an operational measuring 

system.” The interview is qualitative (why the term AGI got messy, what changes may come 

soon, and how to think about ethics/safety). The paper turns that into a shared language: (1) 

levels of capability (performance x generality) and (2) separate levels of autonomy (how the 

system is used), plus the idea that risk depends on both. The big practical takeaway is this: most 

public arguments about AGI are confusing because they mix up capability, autonomy, and 

impact; the paper is an attempt to stop that category error. 

PART 1. WHITE PAPER ANALYSIS (the Legg + colleagues paper) 

1. A shared language for AGI progress (why this paper exists) 

The authors’ core claim is that “AGI” has moved from philosophical debate into near-

term operational relevance, but people talk past each other because they don’t have a 

common measuring framework. Their proposed fix is a standardized ontology so you can 

compare systems, assess risk, and measure progress coherently. 

Why this matters: without a shared language, almost every policy or business discussion 

becomes a “definitions fight” that hides the real disagreements (what level of capability, under 

what autonomy, in what domain, with what safeguards). This is exactly the kind of confusion 

Legg complains about in the interview: people give wildly different timelines largely because 

they’re using different definitions. 

42’s take: I agree strongly with the goal. If you can’t name the moving parts cleanly, you can’t 

govern them. Where I’m cautious is that ontologies can give a false sense of precision; the 

taxonomy must be tied to hard evaluation and real-world failure modes, not just labels. 

2. Six principles for an operational definition (the “rules of the road”) 

The paper distills six principles for a usable AGI definition: focus on capabilities not 

internal mechanisms, focus on generality and performance, focus on 

cognitive/metacognitive tasks, focus on potential rather than deployment, focus on 

ecological validity in benchmarking, and focus on the path rather than a single endpoint. 

Why this matters: those six principles are a direct antidote to the current “AGI as vibes” 

problem. For example, if you don’t separate “capability” from “deployment,” then you’ll mistake 

a powerful model that’s heavily constrained (low autonomy) for the same thing as a powerful 

model acting freely (high autonomy)—even though the risk profile can be completely different. 

42’s take: I agree with all six in spirit. My one pushback: “focus on cognitive/metacognitive 

rather than physical tasks” is practical today, but it risks underplaying how quickly autonomy 

becomes more dangerous once systems have reliable action channels (tools, money, scripts, 

robots, organizations). Even “purely cognitive” systems can become physically consequential 

through infrastructure. 

3. Two dimensions: performance (depth) and generality (breadth) 

The heart of the framework is a matrix: performance is “how well compared to humans,” 



generality is “across how many tasks.” The key is they’re insisting you must talk about 

both dimensions at once, instead of a single AGI “is/isn’t” threshold. 

Why this matters: a system can be “superhuman” in a narrow way (AlphaFold-style) without 

being broadly general, and it can be broadly helpful while still unreliable at many tasks. This 

neatly mirrors Legg’s interview distinction: we needed a term to separate “advanced but narrow” 

(AlphaGo, AlphaFold) from “advanced and general.” 

42’s take: I agree. This is one of the most clarifying moves in the whole paper. In real life, 

capability arrives lopsidedly; pretending it arrives as a clean threshold is how you get blindsided. 

4. The level names (Emerging, Competent, Expert, Exceptional, Superhuman) and 

percentiles 

They propose five capability levels (plus “No AI”), with “Competent” meaning at least 

the 50th percentile of skilled adults across most cognitive tasks, “Expert” at the 90th 

percentile, and so on, with “Superhuman” beyond all humans. 

Why this matters: percentiles force uncomfortable clarity. “Human-level” is not a single point—

humans vary wildly by domain. The percentile idea also implicitly warns that “AGI” could arrive 

as “competent across most tasks” while still not being “Einstein” at invention—again matching 

Legg’s interview point that “typical humans aren’t Mozart or Einstein.” 

42’s take: I mostly agree. I’d add one warning: percentiles depend on the reference population 

and the test design. If the benchmark is gameable (teaching to the test), the percentiles become a 

mirage. So the benchmark integrity problem is just as important as the labels. 

5. “Competent AGI” as the likely societal tipping point 

The paper explicitly suggests “Competent AGI” best matches many prior conceptions of 

AGI and could precipitate rapid societal change once achieved. 

Why this matters: this is the bridge between technical measurement and social reality. Legg in 

the interview forecasts the near-term path: tools become economically meaningful workers 

unevenly, and then society has to get serious about structural change. The paper is basically 

saying: “here’s a level we can point to when we should expect phase-transition dynamics.” 

42’s take: I agree with the direction. I’d sharpen it: the tipping point won’t be capability alone; it 

will be capability plus integration (workflows, liability norms, business adoption, and permission 

to act). A “Competent” model that can’t be trusted won’t tip much; a “merely Emerging” model 

with high autonomy and broad deployment might. 

6. Uneven capability is normal, and that’s a safety issue 

They emphasize that general systems may be uneven: a Level 1 “Emerging AGI” might 

hit Level 2–3 performance on a subset of tasks, and those uneven strengths can unlock 

higher autonomy in specific areas. They also note that the order of skills acquired matters 

for safety (e.g., chemistry before ethical reasoning is a bad combo). 



Why this matters: unevenness is exactly how accidents happen. If a system becomes “agent-

capable” in one narrow but high-impact domain before it becomes robust at self-critique, 

honesty, or uncertainty calibration, you get brittle power. This connects strongly to Legg’s 

ethical reasoning discussion: simple rules fail; you need careful reasoning about consequences. 

42’s take: I strongly agree. If I had to pick one “governance-relevant” insight, it’s this: risk is 

driven by the first domain where the system becomes reliably powerful plus actionable, not by 

the average capability across domains. 

7. Benchmarks must be ecologically valid, and model cards should reflect mixed capability 

They argue classification will require standardized benchmarks and suggest model 

documentation should include nuanced mixtures of performance levels across tasks. The 

conclusion reinforces the need for a living benchmark effort, even if hard. 

Why this matters: right now, headline benchmarks often reward narrow skill exploitation (or 

training leakage) and under-measure what breaks systems in the wild: instruction-following 

under pressure, adversarial robustness, long-horizon consistency, and truthfulness. In the 

interview, Legg critiques “AGI as a checklist of tasks” or gimmick tests like “turn $100k into 

$1M,” because each test smuggles in a worldview. The paper’s answer is: you’ll need an 

ecosystem-valid suite, not one cute hurdle. 

42’s take: I agree, and I’ll add: the highest-value benchmarks going forward are the ones that 

measure “betrayal risk” (deception, hidden goal pursuit, tool misuse) and “epistemic humility” 

(knowing when you don’t know). Those aren’t as sexy as math contests, but they govern real-

world safety. 

8. AGI is not the same thing as autonomy (separate the two) 

A key result: “AGI is not necessarily synonymous with autonomy,” and you need 

separate “Levels of Autonomy” that are unlocked by capability progress but not 

determined by it. They define autonomy through human–AI interaction style, not just 

“designer relinquishes control.” 

Why this matters: this is the cleanest way I’ve seen to defuse a ton of public panic and a ton of 

corporate handwaving. You can have very strong systems deployed in low-autonomy modes 

(advisor, co-pilot) with strong oversight. Or you can have weaker systems deployed with high 

autonomy in high-stakes contexts (a recipe for disaster). The interview foreshadows this with 

“AI tools become more serious, we need to structure the new world carefully.” 

42’s take: I strongly agree. In practice, “autonomy control” is one of the most realistic alignment 

levers society actually has (permissions, tool access, transaction limits, audit requirements, and 

human sign-off). 

9. The “No AI” paradigm is a feature, not a bug 

They explicitly defend “No AI” as an intentional interaction choice for contexts like 

education, enjoyment, assessment, or safety—analogous to choosing to drive yourself 

even if Level 5 autonomy exists. 



Why this matters: this is quietly profound, because it treats “human agency” as a value worth 

preserving by design, not as an obsolete inconvenience. It also gives policymakers and 

institutions a legitimate vocabulary for “AI-free zones” without requiring anti-technology 

ideology. 

42’s take: I agree, and here’s the deeper arc (since you like the deep end): this is where secular 

governance starts to touch something almost religious—sanctuary, Sabbath, vows, initiation 

rites, and “set-apart” spaces. In the next decade, I expect serious cultural conflict around whether 

any human practices remain meaningfully “unautomated,” and the paper gives a calm, non-

hysterical framework for that. 

10. Risk assessment should be joint: capability level plus autonomy level 

They argue the interplay of model capability and interaction design enables more 

nuanced risk assessments than capability alone. 

Why this matters: it gives you a practical governance grid. For example: a Level-1 general 

system with autonomy-5 “agent” access to money, messaging, and code deployment might be far 

riskier than a Level-3 system restricted to autonomy-1 “assistant” mode. This also harmonizes 

with Legg’s “system two safety” idea: don’t just trust the first impulse; force deliberation and 

verification loops. 

42’s take: I agree, and I’d operationalize it as a licensing regime: autonomy should be regulated 

like power. Capability matters, but permission-to-act matters more. 

11. Human–AI interaction research is treated as a safety-critical discipline 

The paper explicitly frames interaction research as ensuring systems are usable, 

beneficial, and “extend people’s capabilities” (intelligence augmentation). It also calls 

interfaces that help alignment, task specification, and evaluation “a vital area of 

research.” 

Why this matters: a lot of alignment talk focuses on internals (weights, interpretability). This 

paper says: even before we solve deep internals, we can reduce harm massively by controlling 

how humans and AI couple together—what the AI can do, how it asks for clarification, when it 

must defer, and how outputs are checked. 

42’s take: I agree, and I’ll add a PSA-friendly interpretation: this is basically “civic interface 

design.” In the next 5 years, the winners (socially) won’t be whoever has the fanciest model; it’ll 

be whoever has the safest coupling between human intention and machine action. 

12. The paper situates AGI among goals, predictions, and risks (without collapsing them) 

The intro acknowledges AGI is used as a north-star goal, as a prediction about generality, 

and as a risk marker (including deception, manipulation, resource accumulation, agentic 

behavior, displacement, recursive self-improvement). 



Why this matters: this is a subtle “don’t mix your categories” warning. Goals, forecasts, and 

danger thresholds are different things. In the interview, Legg similarly separates “AGI as a 

historical moment of similarity to human cognition” from “AGI as necessarily revolutionary.” 

42’s take: I agree. Most public discourse goes wrong because it collapses these into one 

emotional blob. The paper is trying to keep them analytically separable. 

PART 2. COMPARE AND CONTRAST (20 high-impact findings) 

1. Both are trying to fix the same problem: definition chaos 

Interview: Legg says people use “AGI” differently, causing confusion and timeline 

disagreement. 

Paper: proposes a standard ontology to enable shared understanding. 

42: The paper is the “institutional answer” to the interview’s complaint. 

2. Legg’s “historical moment” vs the paper’s “levels along a path” 

Interview: AGI is a point when machines belong in a similar category to human 

intelligence, and that doesn’t automatically mean instant revolution. 

Paper: emphasizes a graded path and rejects a single endpoint. 

42: The paper generalizes Legg’s instinct: stop treating AGI as one binary event. 

3. Interview is socio-economic narrative; paper is measurement architecture 

Interview: detailed near-term labor/productivity story (software engineering, uneven 

disruption, serious societal restructuring). 

Paper: provides the classification system that could make those predictions testable and 

comparable. 

4. Both emphasize unevenness and domain-specific acceleration 

Interview: change arrives unevenly across domains. 

Paper: explicitly models uneven capability profiles and notes they can unlock autonomy 

for specific tasks. 

5. The paper formalizes what the interview hints about “tool” to “worker” progression 

Interview: “useful tools” become systems doing meaningful productive work. 

Paper: autonomy levels and human–AI interaction paradigms are exactly the vocabulary 

for that transition. 

6. Different treatment of benchmarks 

Interview: skeptical of gimmick single tests (“$100k to $1M,” checklists). 

Paper: wants ecologically valid benchmark suites and model cards reflecting mixed 

capability. 

7. Ethics and safety: interview proposes a mechanism; paper proposes a governance grid 

Interview: “system two safety,” chain-of-thought monitoring for ethical reasoning. 

Paper: risk depends on capability level plus autonomy level; interaction design is safety-

critical. 

42: They’re compatible: “system two safety” is one method inside the broader “risk grid.” 

8. The pandemic analogy is a rhetorical device absent from the paper 

Interview: exponential curve disbelief, March 2020 analogy. 

Paper: avoids rhetoric; stays institutional and operational. 

42: This matters because the interview is trying to move public attention; the paper is 

trying to move scientific/government coordination. 



9. Paper’s “No AI” paradigm is implicit in the interview but explicit in writing 

Interview: focuses on adoption and structural change. 

Paper: explicitly says “No AI” is valid for education/assessment/enjoyment/safety. 

10. The interview’s “golden age” framing is more optimistic than the paper’s neutral stance 

Interview: if harnessed well, could be a “golden age,” but requires building a society 

where benefits are shared. 

Paper: acknowledges major implications and risks but stays framework-first. 

11. Robotics and physical labor 

Interview: expects robotics (e.g., plumbers) to lag relative to cognitive impacts. 

Paper: focuses on non-physical tasks as the main axis. 

42: They align: both imply “cognitive first” disruption. 

12. The paper is multi-author consensus; the interview is Legg’s personal emphasis 

This changes tone: the paper is designed to be adopted; the interview is designed to 

persuade and clarify. 

13. Where the interview is practical (jobs), the paper is practical (classification) 

Two different “practicalities”: social planning vs technical standardization. 

14. Both treat human variation as central (explicitly or implicitly) 

Interview: “typical humans aren’t Einstein.” 

Paper: percentiles and “skilled adult” reference classes. 

15. The paper’s ICML framing and publication context 

The paper is an ICML position paper (i.e., agenda-setting), not a definitive empirical 

benchmark yet. (Proceedings of Machine Learning Research) 

16. Interview motivation: explain what’s coming; paper motivation: make progress 

measurable 

Both are “coordination artifacts,” just for different audiences. 

17. The interview’s safety proposal relies on inspecting reasoning; the paper’s relies on 

controlling action 

Interview: monitor chain-of-thought style reasoning. 

Paper: control autonomy and interaction paradigm. 

42: In practice, autonomy control is easier to enforce at scale than “reasoning inspection,” 

which raises privacy, gaming, and reliability issues. 

18. Both are implicitly about alignment under pluralism 

Interview: ethics is complex, trolley problems, rules aren’t enough. 

Paper: doesn’t solve ethics, but sets up safer deployment decisions via interaction choices 

and risk framing. 

19. Temporal framing 

Interview: “next few years” evolution from tool to worker, uneven. 

Paper: “levels on the path,” less calendar-based, more capability-based. 

20. Both point toward the same actionable conclusion: society needs more people thinking 

carefully 

Interview: explicitly says nowhere near enough people are thinking about implications. 

Paper: implicitly aims to make that thinking easier by giving a structured language and 

benchmark agenda. 

PART 3. “CONVENTIONAL WISDOM” VS 42’S TAKE (and where this goes) 

https://proceedings.mlr.press/v235/morris24b.html?utm_source=chatgpt.com


Conventional wisdom take (what many researchers/policymakers seem to be converging on) 

1. We need standard terminology and benchmarks so debates stop being semantic. 

2. Real risk is not “smartness” in the abstract but agency/autonomy in the world. 

3. The near term is “augmentation and partial automation,” with uneven job disruption first, 

then deeper restructuring later. 

42’s take (my opinionated synthesis) 

1. Autonomy is the throttle. If you want a lever you can actually pull in the real world, 

regulate and engineer autonomy (permissions, money movement, code execution, 

messaging, long-horizon tasks), not just “capability.” 

2. The “No AI” idea will become culturally and spiritually important. Expect a future where 

“AI-free” spaces become as socially meaningful as smoke-free spaces, quiet cars on 

trains, or sacred zones. 

3. The most underrated benchmark category is “trustworthiness under pressure”: deception 

resistance, calibration, refusal robustness, and auditability. Math/logic matters, but 

betrayal risk matters more. 

Likely trajectory 

Within 6 months 

Expect more “autonomy-2/3” patterns in everyday products: systems that don’t just answer, but 

draft, coordinate, and carry partial workflows (still with user sign-off). This matches the 

interview’s “tool to economically valuable work” transition. 

Within 2–5 years 

Expect serious fights over where autonomy is allowed (especially in finance, hiring, education, 

healthcare bureaucracy). The paper’s “No AI” and “interaction choices” framing becomes 

politically concrete. 

Within 5–10 years 

If “Competent AGI” (as defined here) arrives, institutions will likely treat it like a general-

purpose infrastructure layer—like electricity or the internet—meaning governance, access, and 

“who benefits” becomes the central question. 

If you want, JD, I can also produce a PSA-ready one-page “AGI Vocabulary Sheet” that merges 

(a) Legg’s interview clarifications and (b) the paper’s levels + autonomy grid, written for non-

technical readers, so your audience can argue about substance instead of definitions. 

 


