
   TL;DR — What this report is really saying 

This  report argues that AI agents are about to move from “helpful chatbots” into “work-
doing software actors.” That creates a major enterprise problem: if every employee, 
department, and vendor builds their own little AI helper, companies will end up with AI 
chaos — scattered agents touching data and systems without shared rules, memory, 
oversight, or accountability. 

The report’s proposed answer is a System of Intelligence: a governed middle layer that 
organizes a company’s data, rules, workflows, knowledge, decisions, permissions, and 
agent activity so AI can act safely and intelligently. Snowflake and Databricks matter 
because they are trying to move beyond being “data storage and analytics platforms” into 
this higher role: becoming part of the business brain for enterprise AI. 

My take: the core idea is strong and important. But the report is also somewhat 
buzzword-heavy, vendor-centric, and optimistic about how cleanly businesses can turn 
messy human judgment into structured systems. In the real world, the plumbing will be 
uglier, slower, and more politically contested. Technology reports sometimes describe the 
future as if it will arrive in a neat architectural diagram. Reality usually arrives late, covered 
in duct tape, and asking for admin privileges. 

 

   1. Plain-English summary: what is this about? 

The report is about the next stage of enterprise AI. 

Right now, most people think of AI as something like ChatGPT: you ask a question, get a 
summary, draft an email, analyze a spreadsheet, maybe generate code. That is useful, but 
mostly assistive. 

The report says the next phase is agentic AI — AI systems that do not merely answer 
questions but can also: 

Old AI assistant New AI agent 

Summarizes a report Pulls the data, compares it, drafts the report, sends it for approval 

Answers a question Checks databases, applies rules, recommends action 

Writes text Uses tools, updates systems, triggers workflows 

Helps one person Coordinates work across departments 



Old AI assistant New AI agent 

Produces output Takes action 

That matters because once AI starts acting, the stakes change. 

An AI that writes a mediocre paragraph is annoying. 
An AI that changes customer records, approves a payment, sends medical instructions, or 
modifies a nonprofit database incorrectly is a very different animal.  

The report’s central claim is this: 

Personal AI agents will start the productivity boom, but lasting enterprise value will come 
from platforms that organize business knowledge, data, rules, permissions, workflows, and 
agent behavior into a shared “System of Intelligence.” 

In simpler language: 

The winning AI systems will not just be the smartest chatbots. They will be the systems that 
understand how the organization actually works. 

 

   2. The three-layer idea: front end, middle brain, back end 

The report describes an emerging AI software stack. Here is the simplified version. 

Layer Plain English Example 

System of Engagement 
Where people talk 
to AI 

ChatGPT, Copilot, Claude, Snowflake 
Intelligence, Databricks Genie 

System of Agency 
Where AI agents 
plan and act 

Agent platforms, tool-calling systems, 
workflow agents 

System of Intelligence 
The organized 
business brain 

Shared data definitions, rules, permissions, 
institutional memory, process logic 

Data platforms / 
systems of record 

Where raw 
business data lives 

Snowflake, Databricks, Salesforce, SAP, 
databases, CRMs, ERPs 

The report’s key point is that the flashy part — chat interfaces and agents — is not enough. 
Agents need a trustworthy world to operate inside. They need to know: 

• What does “customer” mean? 



• Which database is authoritative? 

• Who is allowed to see this? 

• What rules apply? 

• What actions are permitted? 

• What happened last time? 

• What human approved similar decisions before? 

• What is the current live state of the business? 

That middle layer — the System of Intelligence — is the report’s main concept. 

 

   3. A very concrete example 

Imagine a healthcare nonprofit using AI to help people find services. 

A simple chatbot might answer: 

“Here are clinics near Las Cruces.” 

A more advanced agent might: 

“Based on the person’s insurance, location, language needs, income, transportation limits, 
and urgency, here are the three best options. I can fill out the intake form, schedule the 
appointment, notify the navigator, and log the case.” 

But for that to work safely, the AI needs access to: 

Needed knowledge Why it matters 

Clinic directory Knows what services exist 

Eligibility rules Doesn’t send people to places they cannot use 

Patient privacy rules Avoids exposing sensitive information 

Appointment availability Knows what is actually possible now 

Transportation info Recommends realistic options 

Case history Avoids repeating failed referrals 



Needed knowledge Why it matters 

Human override process Escalates difficult cases 

Audit trail Records why the recommendation was made 

That combined structure is what the report means by a System of Intelligence. 

For PSA, that phrase is not just abstract tech jargon. It points toward exactly the kind of 
future architecture that could support AI-assisted education and healthcare 
navigation in southern New Mexico. 

 

   4. What I agree with — and why 

    1. I agree that personal agents will come first 

The report is right that AI adoption is already partly bottom-up. People are not waiting for 
formal IT transformation plans. They are using ChatGPT, Claude, Gemini, Perplexity, coding 
tools, spreadsheet assistants, browser plugins, and little automations because they help 
immediately. 

That mirrors the PC era. People used spreadsheets before corporate IT fully understood 
what was happening. The productivity boost came first; governance came later. 

Why I agree: 
This is already visible. Employees often discover useful AI workflows before leadership has 
a coherent AI strategy. The center of gravity is moving from “official software rollout” to 
“individual capability amplification.” 

 

    2. I agree that agent sprawl is a serious risk 

The report’s warning about “islands of intelligence” is one of its strongest points. If every 
department creates its own AI workflows, the organization may end up with: 

• duplicated work, 

• inconsistent answers, 

• conflicting definitions, 

• security risks, 

• unclear accountability, 



• runaway costs, 

• vendor lock-in, 

• agents taking actions no one fully understands. 

That is not hypothetical. It is the same old software silo problem — but now with systems 
that can act faster than humans can supervise. 

Why I agree: 
The danger is not merely “AI hallucination.” The bigger risk is organizational hallucination: 
different parts of the institution operating from different versions of reality.  

 

    3. I agree that data maturity limits agent autonomy 

This is one of the report’s most useful claims. It says that an AI agent can only act safely if 
the underlying business model is mature enough. 

That is exactly right. 

A company with messy spreadsheets and unclear rules cannot safely jump straight to 
autonomous AI operations. It first needs: 

• clean data, 

• shared definitions, 

• governance, 

• current state awareness, 

• process understanding, 

• audit trails, 

• human escalation paths. 

Plain version: 
You cannot put a race-car engine into a shopping cart and call it transportation. 

 

    4. I agree that “talk to your data” is not the same as “run the business” 

The report makes a useful distinction between natural-language query and real agentic 
operation. Asking, “What were sales last quarter?” is one thing. Asking an AI to adjust 



inventory, issue discounts, approve loans, schedule staff, or change medical workflows is 
something else entirely. 

Why I agree: 
Much current AI marketing blurs this line. “Chat with your data” sounds impressive, but it is 
still mostly a reporting interface. True agentic business operation requires rules, 
permissions, live state, workflow models, and accountability. 

 

    5. I agree that institutional memory is crucial 

The report’s “institutional memory” layer is especially important. It argues that 
organizations need to capture not just documents but the reasoning behind decisions: 
what evidence was considered, what tradeoffs were made, what experts thought, and what 
happened afterward. 

That is highly relevant to education, healthcare, and nonprofits. 

Many organizations run on tribal knowledge. “Ask Maria; she knows how this works.” But if 
Maria retires, leaves, gets sick, or burns out, the knowledge evaporates. 

AI can help preserve that knowledge, but only if the organization deliberately captures it. 

 

    6. I agree that agent observability will become a major field 

The report says organizations will need to track what agents saw, reasoned, decided, 
touched, changed, and why. 

That is absolutely right. 

In ordinary software, you log errors. 
In agentic AI, you need to log reasoning paths, tool calls, data sources, confidence levels, 
permissions, human overrides, and downstream effects. 

Future phrase to watch: 
“Agent observability” may become as important as cybersecurity, compliance, or cloud 
monitoring. 

 

   5. What I don’t fully agree with — or would qualify 

    1. The report may overstate how soon “enterprise digital twins” will become real 



The report presents the “enterprise digital twin” as a North Star: a real-time representation 
of the business, including data, rules, processes, decisions, and live operational state.  

That is conceptually powerful. But in practice, it is extremely hard. 

Large organizations are messy. They have: 

• old databases, 

• undocumented workflows, 

• political turf wars, 

• contradictory rules, 

• shadow spreadsheets, 

• legacy software, 

• poorly maintained data, 

• human workarounds, 

• exceptions nobody wrote down. 

So yes, enterprise digital twins are a useful vision. But many organizations will get 
only partial digital twins, not the beautiful all-seeing nervous system imagined in the 
diagrams. 

 

    2. The report is too vendor-centric 

Snowflake, Databricks, Palantir, Salesforce, Microsoft, SAP, Google, Amazon, Glean, 
Datadog, Braintrust, RelationalAI, and others are all discussed as players in this emerging 
stack. That is useful, but the report’s frame is very much a technology-industry frame. 

The implied question is: 

Which platform wins the control point? 

But from the buyer’s or citizen’s point of view, the better question is:  

How do we build useful, accountable, interoperable systems that serve people without 
locking organizations into one vendor’s kingdom? 

The report does mention lock-in risk, but the overall gravitational field is still vendor-
platform competition. 



 

    3. It underplays human and institutional politics 

The report talks about architecture, ontology, governance, data maturity, observability, and 
agent traces. All important. But it says less about the human politics. 

For example: 

• Who gets to define the “truth” of the organization? 

• Who decides which workflows are automated? 

• What happens when AI exposes incompetence or inefficiency? 

• What happens when labor fears displacement? 

• Who is accountable when AI-assisted decisions harm someone? 

• How do you preserve human judgment rather than quietly flattening it? 

A System of Intelligence is not just a technical system. It is also a power system. 

That matters a lot. 

 

    4. The “process definitions as data” idea is powerful but dangerous 

The report’s highest maturity level imagines business process logic becoming data rather 
than hard-coded software. In plain English, that means you could change how the business 
operates by changing structured process definitions rather than rewriting software code. 

That is exciting, but it is also risky. 

Pros: 

• faster adaptation, 

• easier experimentation, 

• more flexible workflows, 

• AI can reason over processes, 

• business experts can participate more directly. 

Cons: 

• bad process changes could spread quickly, 



• accountability may blur, 

• complexity may become invisible, 

• automated “optimization” may harm humans, 

• rules could change without enough deliberation. 

In healthcare or education, this is especially sensitive. Efficiency is not always wisdom.  

 

    5. The report may understate how hard “expert reasoning capture” really is 

The report rightly says that AI systems need examples of how experts reason, not just 
access to documents. 

But expert judgment is difficult to capture because experts often rely on:  

• tacit knowledge, 

• pattern recognition, 

• emotional intelligence, 

• moral judgment, 

• local context, 

• unspoken caution, 

• “something feels off” intuition. 

You can document some of that. You cannot fully reduce it to rubrics without losing 
something. 

This is where the old McLuhan warning applies: every medium amplifies something and 
amputates something. AI may amplify repeatable expert judgment while amputating subtle 
situational wisdom, unless designed carefully. 

 

   6. The report’s most important terms translated 

Report term Plain-English meaning 

Agent AI that can use tools and take actions, not just answer questions 



Report term Plain-English meaning 

System of 
Engagement 

The interface where humans interact with AI 

System of Agency The layer where agents plan, decide, call tools, and act 

System of 
Intelligence 

The organized business brain that gives agents context, rules, 
memory, and permissions 

Ontology 
A shared map of what things mean and how they relate: customer, 
order, clinic, student, service, case 

Semantic layer Trusted definitions of business terms and metrics 

Digital twin A live model of how the organization works 

Agent 
observability 

Tracking what AI agents did and why 

Evals Tests that judge whether an AI system performs correctly 

Agent exhaust The data trail left by agent reasoning and actions 

Governance Rules, permissions, oversight, auditability, and accountability 

 

   7. The report’s 9-level maturity model, simplified 

The report lays out a ladder from simple reporting to autonomous business improvement. 
Here is the human version. 

Level Report’s idea Plain English 

1 Siloed snapshots Each department has its own reports 

2 Entity resolution 
Everyone agrees what “customer,” “student,” “patient,” etc. 
means 

3 
Temporal event 
context 

The system knows what happened and when 

4 Behavioral patterns The system recognizes recurring patterns 



Level Report’s idea Plain English 

5 Predictions as data The system attaches probabilities to future outcomes 

6 Knowledge graph 
The system understands relationships among people, 
things, actions, and events 

7 Action specifications 
The system knows what actions are possible and under 
what conditions 

8 
Real-time operational 
state 

The system knows what is true right now 

9 
Process definitions as 
data 

The system can inspect and improve workflows themselves 

The practical message: 

Most organizations are somewhere in levels 1–3. Vendors are selling dreams of levels 7–9. 

That does not mean the dreams are fake. It means buyers should not confuse a demo with 
a mature operating system. 

 

   8. Top 10 most useful takeaways 

1.    Personal AI agents are the spark, not the destination 

Individual workers will keep adopting AI tools because they make work easier. That is good. 
But if every person builds private workflows, the organization can become fragmented. 

Useful takeaway: 
Encourage experimentation, but design a path for useful workflows to become shared, 
governed assets. 

 

2.    The big problem is not AI chat — it is AI action 

AI that answers questions is useful. AI that takes action is transformative and risky.  

Useful takeaway: 
The moment an AI can change records, send messages, approve steps, move money, 
schedule people, or alter workflows, governance becomes essential. 



 

3.    Data quality becomes moral quality 

If the system has bad data, unclear rules, or biased histories, AI will act on those 
weaknesses. 

Useful takeaway: 
Clean data is not just a technical issue. In healthcare, education, finance, and public 
services, it becomes an ethical issue. 

 

4.    “Talk to your data” is only the first rung 

Natural-language data querying is useful, but it is not the same as autonomous operation.  

Useful takeaway: 
Do not be overly impressed by demos where someone asks a database a question in 
English. Ask what actions the AI can safely take, what rules govern it, and how errors are 
caught. 

 

5.    Shared definitions matter more than flashy interfaces 

If one department defines “active client” one way and another department defines it 
differently, AI will inherit the confusion. 

Useful takeaway: 
Build shared definitions before expecting AI to coordinate serious work. 

 

6.    Agent observability will be essential 

Organizations will need to know what an agent saw, reasoned, decided, changed, and why. 

Useful takeaway: 
Every serious AI deployment should have logging, audit trails, evaluation, rollback, and 
human escalation. 

 

7.    Vendor lock-in may become worse than before 



If a vendor owns your data, your AI agents, your reasoning traces, your workflows, and your 
institutional memory, leaving that vendor becomes extremely hard. 

Useful takeaway: 
Favor portability, open standards, exportable logs, interoperable data, and clear ownership 
of institutional knowledge. 

 

8.    Partial “systems of intelligence” will appear before full ones 

Salesforce may build a customer-intelligence layer. SAP may build an operations-
intelligence layer. Snowflake and Databricks may build data-intelligence layers. None will 
be the whole enterprise brain at first. 

Useful takeaway: 
Use domain-specific tools pragmatically, but do not mistake them for a complete 
organizational nervous system. 

 

9.    Human judgment must be designed into the system 

The report is right that AI will gradually support more judgment-heavy work, but this must 
be done carefully. 

Useful takeaway: 
Keep humans in the loop where decisions involve ambiguity, ethics, vulnerable people, 
legal risk, or irreversible consequences. 

 

10.    The real prize is organizational learning 

The best AI systems will not merely automate tasks. They will help organizations learn from 
every decision, every exception, every correction, and every outcome. 

Useful takeaway: 
The long-term advantage belongs to organizations that capture and improve their own 
reasoning — not just those that buy the newest AI tool. 

 

   9. What this means for PSA, education, and healthcare 

This report is highly relevant to your PSA direction. 



For a nonprofit focused on education and healthcare access, the lesson is not “go buy 
Snowflake” or “go buy Databricks.” The lesson is architectural: 

PSA should think in terms of building a small, humane, mission-centered System of 
Intelligence. 

For PSA, that might mean gradually organizing: 

PSA knowledge area AI-ready version 

Website archive Tagged, summarized, searchable knowledge base 

Education tools Categorized by age, cost, language, purpose, evidence 

Healthcare resources Categorized by service, location, eligibility, urgency 

Local needs Poverty, ESL, rural access, transportation, broadband 

Human expertise Notes from educators, clinicians, navigators, community elders 

Case examples What helped, what failed, what changed 

Decision rubrics How to recommend a tool or referral responsibly 

Governance Privacy, human review, source quality, bias checks 

In other words, PSA does not need an enterprise mega-platform to start thinking this way. It 
can begin with a practical civic intelligence architecture: 

1. define categories, 

2. clean up documents, 

3. tag resources, 

4. summarize posts, 

5. capture expert judgment, 

6. create human-reviewed recommendation workflows, 

7. keep audit trails, 

8. prevent AI from pretending to know what it does not know. 

That is the humane version of the report’s vision. 

 



   10. Conventional wisdom vs. 42’s take 

Conventional wisdom 

The current enterprise-AI conventional wisdom is roughly: 

AI agents are coming fast. Companies need governed data, strong platforms, semantic 
layers, observability, and vendor ecosystems to make agents safe and useful. 

That is broadly correct. 

42’s take 

My view is slightly more skeptical and human-centered: 

The technical architecture is necessary but not sufficient. The deeper question is whether 
organizations can build AI systems that preserve judgment, responsibility, and moral 
context rather than merely accelerating procedures. 

The report is right about the need for a System of Intelligence. But the phrase itself risks 
sounding too clean. Real institutional intelligence includes disagreement, tacit knowledge, 
values, caution, memory, and lived experience. 

For PSA, public education, healthcare navigation, and community services, the goal should 
not be “autonomous AI.” The goal should be: 

AI-supported human capability, with clear boundaries, explainable recommendations, 
and accountable oversight. 

That is less glamorous than an autonomous enterprise brain. It is also more likely to help 
real people. 

 

   11. Bottom line 

This is a serious and useful report, but it needs translation.  

Its strongest insight is that AI agents require a governed world to live in. Without that, 
they become scattered assistants operating inside fragmented systems. With it, they can 
become part of a genuine organizational learning structure. 

The most important sentence I would extract is: 

Don’t just deploy agents. Build the shared intelligence layer that lets agents act safely, 
learn responsibly, and serve the organization’s actual mission. 



For lay readers, I would summarize the whole thing this way: 

AI is moving from answering questions to doing work. That creates enormous promise and 
enormous risk. The organizations that benefit most will be the ones that organize their data, 
rules, decisions, and human expertise so AI can act with context, oversight, and 
accountability — rather than creating a swarm of disconnected digital interns with car keys. 

 


